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Acoustianonitoring

Audio
Sensor

Advantages :

- Cheap
- Easyto install
- Noninvasiveand non-disruptive
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Problems :

- Highsamplingrate
- Highnoiselevelandartefacts
- Sensitiveo operatingconditions



| - TheWaveletPacketTransform(WPT)

|l - Learnablevavelettransform

l1I - Application 1anomalydetection

IV - Application 2: Slabrack monitoring

V - Conclusion
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Perfectreconstruction

Input Signal

WPT

Timefrequency

iInverseWPT
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Advantage®f the architecture

A1) Huge learning capabilities with few parameters.
A2) A natural way to initialise parameters sOMPT starts behaving like a WPT

A3) Clear interpretation of each parameter in the structure.
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MIMII DATASET: SOUND DATASET FOR
MALFUNCTIONING INDUSTRIAL MACHINE INVESTIGATION AND INSPECTION

Harsh Purohit, Ryo Tanabe, Kenji Ichige, Takashi Endo,
Yuki Nikaido, Kaori Suefusa, and Yohei Kawaguchi
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